Supplemental Material :
Real-Time Facial Segmentation
and Performance Capture from RGB Input

Shunsuke Saito Tianye Li Hao Li
Pinscreen University of Southern California
1 Network Structure

Figure 1 shows the detail of our segmentation network structure.
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Fig.1: Configuration detail of our segmentation network based on two-stream
deconvolution networks. In our network, a batch normalization layer and a rec-
tified linear unit (ReLU) layer is added to the output of every convolutional and
deconvolutional layer. For brevity, these layers are omitted in the figure.
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